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Innovators Marketplace on Data Jackets (IMDJ)

Ohsawa, Y., Liu, C., Suda, Y., and Kido, H., Innovators Marketplace on Data Jackets for Externalizing the Value of Data via Stakeholders’
Requirement Communication AAAI 2014 Spr. Sym. on “Big data becomes personal: Knowledge into Meaning, Stanford (2014)
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In this study, the spread of virus infection was simulated using artificial human networks. Here,
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ALP dialogue-acts (Eris, Bergner, Lifer)

Performance vs. Limit Handling (LH)
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ALP dialogue—acts (Eris, Bergner, Liferis, 2006)
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TEISKYIRE 1. Wb BRFI TR ERENOHE I YIS hAD O ESELELEHHMBIBEIREL>TAHIVWIZS ML, LWELEL
FBTZ AT B EETREICT BV RTLELT, 7 AADEER, c. FLI YOI —RORIBT /182507 —DICfliz Lo THEREH
AN THB. COXILIATLDT REMERI TNERRLODEEICRHTHEHIC, SHORED RT B BEL. EICADE
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T—HOHIC, FFAA-TEMMS
Feature Concept

EREB/LTHIC, T—2%E-> TR TREBERCMBEHRILLIZ-L D, FCORRA
EIIRALATHED., —BOICBUTOLI LA XA—LTRTIEHTES, (Ohsawa et al:
Living beyond data, Springer Nature 2022)

(a) SOINN (b) Decision tree(s) (c) Association rules
¢ . i [res) Is sex male? 1. himo=15 ==> tekka=15 conf:(1)
f‘ o 2. kani=13 ==>ebi=13 conf:(1)
i L 3 tsunamayo-1 2 ==>tamago=12 conf:(1)
RN, is age > 9 59 26 iseebi=1 1 ==> chutoro=11  conf:(1)
4 el N 0.73 36% 27.iseebi=11==>kani=11 conf:(1)
<< Training Samples SOINN| 28. iseebi=1 1 ==>awabi=11 conf:(1)
1 e
() o 36. iseebi=1 1 ==>ebi=11 conf:(1)
Y o w, ; 17 o il 5'“" e 37. hamaguri=11==>ika=11 conf:(1)
e 38. hamaguri=11==> akagai=11 conf:(1)
39. hamaguri=11 ==> torigai=11 conf:(1)
(]
° -. (died)
°® 0.05 2% 0.89 2%

Wz
°® FC: Arrows of association or
(] conditions
FC: Embedded
network O
: "‘
o
o o © o
o FC: Tree(s) for
o .
= o classification
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KeyGraph applied first (1996) to my PhD thesis “:’
Ohsawa, Benson, Yachida, KeyGraph: Automatic

indexing by co-occurrence graph based on building
construction metaphor 1998 at IEEE ADL
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Infection Spread Simulations on a
Network-based Social Model

But real risk lurks in a "cluster" with
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ST, WEHEIIHEI?

YOKOHAMA LIVING LAB
SUPPORT OFFICE

INT

LIVE
BEAWTARS

.| BT #8174 [STAY WITH YOUR COMMUNITY TEE¥ I B AR A0~ 3K, #Il
‘ DHQRE [FRLANNAT (XY LK+

Stay with Your Community#J:&

—AKDBIHEENT
Ohsawa, Y., and Tsubokura, M., PLOS ONE 2020.12.3

PLOS ONE

& crouacess B pesRAEvENED

RESEARCHARTICLE

Stay with your community: Bridges between clusters trigger
expansion of COVID-19
Yukio Ohsawa [, Masaharu Tsubokura

Published: December 3, 2020 + hitps:/ido org/10.1374/journal pone 0242766

Article

v

Abstract

A#RE  EER

LaAVIHAT (UM 0RRF-3 RN

HiRm

Stay with Your Community TH#i#(Z

2020.8.22

“““ ~

Abstract

In this study, the sproad of virus infection was simulated using artficial human natworks. Here,
eal-space urban lfo was modelad as a modified scale-free network with constraints. To date,
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Data Leaf (Ohsawa et al 2022)
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